Deconvolution of diverse immune cell populations within tumors using ACE Transcriptome
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Introduction Testing on in silico mixtures of immune cells Testing on PBMC samples
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cells in the tumor microenvironment. Through the use of marker genes that are expressed in a were then run through our transcriptome pipeline to quantify their expression. The remaining 3 04 NK Cell
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cell types in a mixed sample. We have used the ACE Cancer Transcriptome, from the ACE we ran GSVA with our gene sets and gene sets curated from the literature?* to test the c 0.2- R?:0.636 the PBMCs, a gene set enrichment approach
ImmunolD platform, to produce high-quality gene expression profiles of purified immune cells performance of our platform and approach. ‘% 0.1- L — on the ACE Cancer Transcriptome is able to
representing many lineages. These profiles were used to create reference signatures of E 0.0 ° ol CDAs accurately track their abundances.
immune cell type specific genes, enabling quantification of their cellular abundances. . . . 5 0.4- ;

‘ Tracking abundances of immune cells with a gene set approach = 0.3- o o —3 For future work, we are planning to test using
ACE Cancer Tra nscriptome " ) | ©02 o b additional orthogonal technologies. In addition,
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The ACE Cancer Research Transcriptome has
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approach is able to accurately predict

0.2- transcriptome with gene sets 0.0- .
R 2° , , T Cell CD8+ well as real tumor samples, to verify that our
e oo R?:0.924 RZ.0.945 representing the immune cell types 0.4-

e it i - it - Publi rofiled, we are able to closely track 0.3- - - . - L

3y ; - Dendritic Cell - Personalis vO Dendritic Cell - Published P . . Y . abundances in actual tumor mﬂltratlng immune
. 05 oo oo O 0O . the actual fractions of immune cells 0.2- o R?:0.759

' M > i cells.

R%:0.5

FFPE Log Normalized TPM
FFPE Log Normalized TPM

" R2=0.893 " R2=0.890 0.1-

o . 0.1- (o)
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approach is accurate even when using ‘_g" Tg" NK Cell - Personalis vO NK Cell - Published samples are very closely a“gned to
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